Correct collection of remotely sensed data
above and below the water line
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Enhanced, Orthorectified, Mosaicked - AUV
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& Parker Subsea - ROV

Original image Enhanced image
notice details in dark areas
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Gardline - ROV
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Use of remotely sensed data

"

A Why A Analysis
A How i Manual (HI)
i Seismic I Software (Al / Machine / Deep Learning)
i Images I Viewing
i Sonar A Cost/Benefit effect
I Satellite
A Accuracy
I Position
I Resolution

I Bits and bytes
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Use of remotely sensed data

In a survey detalls matter




Tree Map
(Vector)

Impervious Surface Map
(Vector)

Knowledge-based

Land Cover Map
(Vector)

Elevation Data

Unsupervised (Point Cloud or Raster)

Supervised Classification

Classification

Image Data
(Raster)

Real World

Computer
Deep Learning Vision

(CNN)
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Knowledge based classification 50 000 single images

We classified:
Crust

Gas

Coral
Anemone
Sponge

ki

100% correct
B/W

Shape
Texture
Brightness

Roundness
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Find Debris: Shape, roundness, specific colours
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BPI Bathymetric Position Index
_- Is terrain linear or curved?

-1/8 -1/8 -1/8
-1/8 + -1/8
-1/8  -1/8

Rugosity is similar. Compare
flat area with curved area

Py BP| and Rugosity are usec
In classification




From bathymetry we get raster layers

Slope, aspect, northness, roughness

Rugosity, BPI and other terrrain descriptions
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If samples are ready: one click does it all!
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Post processing, removing no data area under the ship
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